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Abstract—An important research direction in advancing higher
spatial resolution and better accuracy in soil moisture remote sens-
ing is the integration of active and passive microwave observations.
In an effort to address this objective, an airborne instrument, the
passive/active L-band sensor (PALS), was flown over two water-
sheds as part of the cloud and land surface interaction campaign
(CLASIC) conducted in Oklahoma in 2007. Eleven flights were
conducted over each watershed during the field campaign. Ex-
tensive ground observations (soil moisture, soil temperature, and
vegetation) were made concurrent with the PALS measurements.
Extremely wet conditions were encountered. As expected from
previous research, the radiometer-based retrievals were better
than the radar retrievals. The standard error of estimates (SEEs)
of the retrieved soil moisture using only the PALS radiometer data
were 0.048 m® /m? for Fort Cobb (FC) and 0.067 m3/m? for the
Little Washita (LW) watershed. These errors were higher than
typically observed, which is likely the result of the unusually high
soil moisture and standing water conditions. The radar-only-based
retrieval SEEs were 0.092 m3/m? for FC and 0.079 m®/m3 for
LW. Radar retrievals in the FC domain were particularly poor
due to the high vegetation water content of the agricultural fields.
These results indicate the potential for estimating soil moisture
for low-vegetation water content domains from radar observations
using a simple vegetation model. Results also showed the compat-
ibility between passive and active microwave observations and the
potential for combining the two approaches.

Index Terms—Active/passive microwave observations, hydrol-
ogy, soil moisture, Soil Moisture Active Passive (SMAP).

I. INTRODUCTION

ICROWAVE radiometry and radar are well-established

techniques for soil moisture remote sensing. Currently,
operating passive microwave satellite missions (Advanced Mi-
crowave Scanning Radiometer and WindSat) that provide soil
moisture products have limited spatial resolution (25-40 km).
On the other hand, current spaceborne radars provide very
high spatial resolution (10 m) observations. However, progress
in developing robust soil moisture retrieval algorithms using
microwave radar observations has been limited. This is, in
part, associated with the influence of a wide range of other
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variables on the radar response. The revisit time for a spe-
cific high-resolution radar system is very long. For example,
the Advanced Land Observing System (ALOS) phased array
L-band synthetic aperture radar has a return period of 45 days,
which limits the type of soil moisture algorithms that can be
used, such as temporal change.

A National Aeronautics and Space Administration (NASA)
satellite currently under development, the Soil Moisture Active
Passive (SMAP) mission, will soon address these limitations.
SMAP will collect both active and passive L-band data. It will
focus on using higher resolution radar in conjunction with the
radiometer to produce a high accuracy and improved spatial
resolution product with high temporal frequency. Other less
optimal but still important opportunities using L-band include
the European Space Agency Soil Moisture Ocean Salinity
mission combined with the Japanese Aerospace Exploration
Agency ALOS radar and the NASA Aquarius instrument with
low-resolution passive and active microwave.

At the core of the SMAP mission concept is the idea that
combining the information from passive (surface emissivity)
and active (backscatter signatures) sensors can improve the
accuracy and spatial resolution of the mission’s geophysical
parameter retrieval. Although there have been numerous sets
of either passive or active microwave data collected in con-
junction with soil moisture observations, there have been very
few that included both [1], [2]. In order to explore these new
algorithm concepts, an experiment was conducted that would
collect prototype SMAP data. This experiment was embedded
in the cloud and land surface interaction campaign (CLASIC)
that was conducted over the Southern Great Plains in June
2007. As part of CLASIC, passive/active L-band sensor (PALS)
data were collected over a one-month period to support the
combined algorithm concept.

II. FIELD EXPERIMENT DESCRIPTION

To investigate the benefits of combining passive and active
microwave sensors, the Jet Propulsion Laboratory developed an
airborne PALS for measurements of soil moisture and ocean
salinity [2]. The PALS has a dual-polarization radiometer and
polarimetric radar. For CLASIC, PALS was flown on a Twin
Otter aircraft over the Little Washita (LW) and Fort Cobb (FC)
watersheds in Oklahoma. A total of 11 days were flown over a
one-month period in June/July 2007. The instrument was flown
at an altitude of 1100 m above ground level, which resulted in
an instantaneous footprint size of approximately 400 m.

The topography of the region is moderately rolling with a
maximum relief less than 200 m. Soils include a wide range
of textures with large regions of both coarse and fine textures.
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Fig. 1. Cumulative average precipitation and soil moisture observations (from
in situ sensors) over the LW watershed during CLASIC. The 11 days of PALS
flights over the watershed are also shown.

The region in Oklahoma is exceptionally well instrumented
for surface soil moisture, hydrology, and meteorology research.
Both the LW and FC watersheds have a dense network of in situ
soil moisture and rain gauge sites.

The aircraft flights were designed to include a set of lines
over intensively sampled fields. Fields were located close to-
gether and with general locations that minimized the number
of flightlines. During the experiment, 27 fields (15 in LW and
12 in FC) of size ~800 m x 800 m were sampled for soil
moisture and related variables.

Extreme rainfall conditions were encountered during the
CLASIC field experiment. The summer precipitation over the
Southern Great Plains in 2007 was significantly greater than
the average and resulted in new historic records in many ar-
eas. This rainfall resulted in widespread and repeated flooding
throughout Oklahoma and Texas and, consequently, in very wet
conditions throughout the duration of the experiment (Fig. 1).
Persistent cloud cover, saturated soil (that slowed infiltration),
and senescent winter wheat fields, which could not be har-
vested, reduced evapotranspiration that would typically occur
from the soil surface. All factors contributed to water-logged
winter wheat fields.

LW received about 400 mm of precipitation during June
2007, and observed soil moisture at the sampling locations
was between 0.20 and 0.40 m®/m3 during the experiment. As
a result, the soil moisture retrieval algorithms could only be
validated for moderate to very wet conditions.

III. PALS MAPPING

PALS is a fixed single-beam radiometer with an incidence an-
gle of 40°. The current version of PALS does not have an imag-
ing capability. In order to construct images during CLASIC,
the PALS was flown on ten adjacent east—west flightlines. The
distance between two flightlines was 800 m. PALS observations
over LW were gridded and mapped at a 400-m resolution.

Fig. 2 shows the gridded H-polarization PALS brightness
temperatures. The brightness temperatures on the eastern and
western parts of the watershed are lower than in the middle.
The central part of the watershed is predominantly sandy soils,
whereas the eastern and western parts are mostly loam. The

sandier soils drain quicker and typically have lower soil mois-
ture due to their smaller field capacity. The central part is mostly
rangeland, whereas the eastern and western parts are mostly
winter wheat and agricultural crops. The brightness temperature
pattern observed was consistent to L-band observations made
during previous LW experiments [3], [4].

Fig. 3 shows the gridded HH-polarization PALS backscatter
coefficient. The eastern and western parts of the watershed have
lower backscatter coefficients. As noted earlier, radar responses
from land surfaces depend upon many factors that include soil
moisture, vegetation, and roughness. Vegetation and surface
roughness have a first-order effect on the radar observations.
The backscatter coefficient typically increases with an increase
in soil moisture. Surface roughness and vegetation both have
an opposite effect on the backscatter coefficient as compared
with soil moisture. An increase in surface roughness or veg-
etation leads to increase in scattering, which results in lower
backscatter coefficient measurements (more negative). In the
eastern and western portions of the watershed, we observed
lower backscatter coefficients even though they had higher soil
moisture. These areas have winter wheat or agricultural crops
with higher amounts of vegetation that can result in greater
scattering. The spatial patterns of the backscattering images
were consistent throughout the duration of the experiment.

IV. PALS SOIL MOISTURE RESULTS
A. Radiometer-Based Retrievals

PALS footprint observations within each sampling site were
averaged to obtain a field average. The field-average brightness
temperature observations were then used in a soil moisture
retrieval algorithm [5]. In situ soil moisture and soil temperature
measurements were made at each sampling site concurrent with
the PALS observations. Vegetation water content measurements
were also made during the experiment. Based upon field obser-
vations of general conditions during CLASIC, the vegetation
parameters and water content for the senescent winter wheat
and pasture fields were assumed to be constant over the period.
Vegetation parameters and water content for the agricultural
fields were linearly interpolated as a function of time.

Fig. 4 shows the comparison between the observed and the
PALS radiometer-based soil moisture estimates for the LW and
FC watersheds. The dynamic range of soil moisture for the
intensive sampling sites was 0.20-0.45 m3 /m? on the days with
PALS coverage. The PALS estimated soil moisture compared
well with the in situ observations. The soil moisture estimates
for FC (SEE = 0.048 m3/m?) were better than for the LW
watershed (SEE = 0.067 m®/m?). This may be due to the
smaller size of the FC mapping domain as well as differences in
land cover types and soils. Some error is likely to be associated
with the occurrence of standing water, which could not be
accounted for in the soil moisture retrieval.

B. Radar-Based Retrievals

Vegetation canopies complicate the retrieval of moisture in
the underlying soil because the canopies also contain water.
Due to scattering effects, the interaction between the two
contributions is highly nonlinear. In order to account for these
problems, a simple approach, based on the water-cloud model,
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Fig. 2. PALS L-band H brightness temperature observations over the LW watershed. The brightness temperatures were mapped in Universal Transverse Mercator

(UTM) coordinates (zone 14).

was developed by Attema and Ulaby [6]. They represented
the canopy in a radiative transfer model as a uniform cloud
whose spherical droplets are held in place structurally by dry
matter. In water-cloud models, the canopy is represented by
“bulk” variables such as leaf-area index or total water content.
Because of the parsimonious use of parameters, these models
can be easily inverted. Therefore, this approach is a good
candidate for use as the basis of a retrieval algorithm. Basic
conceptual assumptions in the water-cloud model include the
following: 1) the vegetation is represented as a homogeneous
horizontal cloud of identical water spheres, uniformly distrib-
uted throughout the space defined by the soil surface and the
vegetation height; 2) multiple scattering between canopy and
soil can be neglected; and 3) the only significant variables are
the height of the canopy layer and the cloud density, the latter

assumed to be proportional to the volumetric water content
of the canopy. Bindlish and Barros [7] used this approach to
retrieve soil moisture from Spaceborne Imaging Radar C-band
(SIR-C) observations over the LW watershed.

For a given incidence angle 6, the backscatter coefficient is
represented in water-cloud models by the general form

o__ o o 2 o
o = Uveg + Uveg+soil +7 Os0il

ey
where 72 is the two-way vegetation transmissivity. The first
term represents the scattering due to the vegetation canopy, the
second term represents the interaction between the vegetation
canopy and the soil underneath and accounts for multiple scat-
tering effects, and the third term represents the scattering from
the soil layer. The vegetation—soil interactions are neglected in
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Fig. 3. PALS L-band HH backscatter coefficient observations over the LW watershed. The backscatter coefficients were mapped in UTM coordinates

(zone 14).

the water-cloud model, and the vegetation term for HH and VV
is given by [8]

00ep = 0.740 (1 4 0.54a7 — 0.24(a7)?)
x [1 — exp(—2.127sec )] cosf (2)

where « is the single-scattering albedo. This formulation cor-
responds to the first-order solution of the radiative transfer
equation through a weak medium, where multiple-scattering
effects can be neglected. This term becomes significant as the
vegetation canopy increases. The vegetation—soil interaction
models typically are more complicated and require additional
information. Despite its simplicity, the water-cloud model has
been shown to provide fair-to-good agreement with experimen-
tal data [7], [9].

Here, PALS observations at HH and VV were used to
estimate soil moisture. The vegetation backscattering effect
was computed using the water-cloud model. The vegetation
parameters were assumed to be the same for both HH and
VV polarizations. The soil-surface backscattering coefficient
was computed using the Dubois model [10]. This model was
developed using SIR-C data collected over the LW watershed
and is valid for bare soil and low vegetation conditions. Soil
moisture observations from June 11 and July 3 were used
to estimate the roughness coefficient for each sampling site.
These roughness coefficients were then used to compute the soil
moisture for all the flight days.

Fig. 5 shows the comparison between the in situ observed
and estimated soil moisture for the LW and FC watersheds.
The radar retrievals for the LW (SEE = 0.079 m3/m?) are
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better than those for FC (SEE = 0.092 m?®/m?). The esti-
mates are particularly poor for fields with higher vegetation
(corn) (SEE = 0.19 m*®/m?). The model estimated very high
soil moisture over the corn field during the second half of
the experiment when the vegetation water content was high
(VWC > 4 kg/m?). The use of a simplified approach has its
caveats and limitations. As the vegetation canopy increases, the
error associated with the vegetation—soil interaction increases,
leading to poor soil moisture estimates. Increase in vegetation
canopy increases the observed radar backscatter. Ignoring this
term leads to overestimation of soil moisture for areas with high
vegetation. This is one of the reasons for the poor soil moisture
estimates for corn canopies (Fig. 5). Over the FC domain, the
estimated soil moisture exhibits a higher dynamic range than
the observations. The estimated soil moisture has a low bias for
both the domains. The presence of high vegetation results in
higher soil moisture estimates.

V. DISCUSSION AND SUMMARY

Results showed that the PALS brightness temperature and
backscatter observations were consistent with observed ground

conditions. In addition, the brightness temperature pattern ob-
served over LW was consistent with previous investigations.
The radiometer-based soil moisture retrieval captured the ob-
served dynamic range and showed no significant bias for both
watersheds. Considering the extreme wet conditions, the esti-
mated soil moisture compared reasonably well with the in situ
observations.

One of the shortcomings in soil moisture remote sensing
is the lack of a robust radar algorithm. Most of the radar
algorithms have been developed and tested over limited areas.
These algorithms need to be validated over multiple domains
in order to develop a global radar soil moisture algorithm.
Here, a model-based approach was developed and applied
with success. Further testing of this modeling approach should
be conducted over multiple domains, which could lead to a
robust radar algorithm for bare soil and moderate vegetation
domains.

As mentioned earlier, extremely wet conditions were en-
countered during the experiment. These wet conditions resulted
in saturated soils and standing water in many fields. These
conditions were likely to be present in parts of the PALS
footprints. Further analyses of the CLASIC data sets should
attempt to quantify the effect of standing water on brightness
temperature and backscatter observations, which may lead to
reduction in errors.

The validation of the CLASIC PALS data sets presented here
establishes a baseline performance for conventional methods of
soil moisture retrieval using either a radiometer or radar. Further
research will focus on developing integrated radar-radiometer
soil moisture algorithms using PALS radiometer and radar
observations.

REFERENCES

[1] E. Njoku, W. Wilson, S. Yueh, S. Dinardo, F. Li, T. Jackson, V. Lakshmi,
and J. Bolten, “Observations of soil moisture using a passive and active
low frequency microwave airborne sensor during SGP99,” IEEE Trans.
Geosci. Remote Sens., vol. 40, no. 12, pp. 26592673, Dec. 2002.

[2] U. Narayan, V. Lakshmi, and E. Njoku, “Retrieval of soil moisture
from passive and active L/S band sensor (PALS) observations during the
Soil Moisture Experiment in 2002 (SMEX02),” Remote Sens. Environ.,
vol. 92, no. 4, pp. 483—-496, Sep. 2004.

[3] T. J. Jackson, D. M. Le Vine, C. T. Swift, T. J. Schmugge, and

F. R. Schiebe, “Large area mapping of soil moisture using the ESTAR

passive microwave radiometer in Washita’92,” Remote Sens. Environ.,

vol. 54, no. 1, pp. 27-37, Oct. 1995.

T. J. Jackson, D. M. Le Vine, A. Y. Hsu, A. Oldak, P. Starks, C. T. Swift,

J. Isham, and M. Haken, “Soil moisture mapping at regional scales us-

ing microwave radiometry: The Southern Great Plains hydrology experi-

ment,” IEEE Trans. Geosci. Remote Sens., vol. 37, no. 5, pp. 2136-2151,

Sep. 1999.

[5] T. J. Jackson, “Measuring surface soil moisture using passive microwave
remote sensing,” Hydrol. Process., vol. 7, no. 2, pp. 139-152, 1993.

[6] E. P. W. Attema and F. T. Ulaby, “Vegetation modeled as a water cloud,”
Radio Sci., vol. 13, no. 2, pp. 357-364, 1978.

[7]1 R. Bindlish and A. P. Barros, “Parameterization of vegetation backscatter
in radar-based soil moisture estimation,” Remote Sens. Environ., vol. 76,
no. 1, pp. 130-137, Apr. 2001.

[8] H.J. Eomand A. K. Fung, “A scatter model for vegetation up to Ku-band,”
Remote Sens. Environ., vol. 15, no. 3, pp. 185-200, Jun. 1984.

[9] T. Mo, T.J. Schmugge, and T. J. Jackson, “Calculation of radar backscat-
tering coefficient of vegetation cover soils,” Remote Sens. Environ.,
vol. 15, no. 2, pp. 119-133, Mar. 1984.

[10] P. C. Dubois, J. Van Zyl, and E. T. Engman, “Measuring soil moisture

with imaging radars,” IEEE Trans. Geosci. Remote Sens., vol. 33, no. 4,
pp- 915-926, Jul. 1995.

[4

[inar




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues false
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


